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Rents and innovative investment

Dependent variable

: markup (log)

Consumer Manufacturing High-tech Healthcare
Compustat intangible share s; (OLS) —0.132"" 0.044" 0.452™* 0.709™**
(—6.32) (1.62) (5.90) (6.01)
Compustat intangible share s; (IV) —0.157"" 0.879"" 0.498™" 1.424™"
(—8.75) (2.98) (2.81) (18.17)
First-stage F-stat 802.12 10.47 89.31 617.89
Observations 56 504 168 112
Industry f.e. Yes Yes Yes Yes
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Recent trends profit shares, markups, concentration point to rising rents

welfare implications?

”Good rents” : markups from improvements in product quality —  growth

”Bad rents” :  markups from fixed differences in process efficiency —  misallocation

In French manufacturing data
high incremental product quality firms have too low a market share Planner: 100%

high process efficiency firms have too high a market share Planner: 13%
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= TFPQ;
P, Qi

Aj

TFPQ/Process efficiency is constant within firm

Fact 2:

log(Lj)

v+ log(Pj+) + log(Aj ) +¢€j

Firm size increases with both product quality and process efficiency
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Firms make investments in process efficiency
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These investments contribute to firm value [Crouzet, Eberly, 2023]

9 Rents attributable to physical capital ~ © R&D capital Rents attributable to R&D capital
Org. capital Rents attributable to org capital ~ ~~ Total

. . Enterprise value of public, non-financial US firms
Vertical axis = —
PPE replacement cost
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Fact 1: TFPQ/process efficiency is constant within firm

Learning by doing:

unit costs fall with cumulative production

Organizational capital:

firms make deliberate investments to improve process efficiency
: evidence for an automobile plant
: following export expansion, gains in A; ; driven by technology investments

impact on firm value

Suggestion: Does the paper need to take the stance that empirically, growth in A = 0?

maybe: existing evidence that TFPQ does not contribute substantially to aggregate growth?
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v

Instrument for TFPQ and/or P? Can we still make inferences on persistence of TFPQ?

Comparison with existing evidence:

¢p,a=—05

cov (log(TPFR; 1), log(A;;)) = 0.75

Welfare implications when model matches 0 > (p 4 > —1?
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Decentralized equilibrium

@ B =1s, ag =ar:  right” (equalized) market shares + equalized markups
@ B =15, ag >ar:  “wrong” market shares + static misallocation ( )

® B > s, ag > ar: “wrong” market shares + static misallocation ( ) + dynamic inefficiency

... more complicated!

Suggestions:

Sign of the distortion in 2)?
Calibrate the model to cases ) and ), and compare to 3)?

To deal with static misallocation separately, other policy tools than R&D subsidies?
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A different view of good and bad rents

Model of endogenous growth through intangible investment

investment in intangibles — reductions in unit cost

spillovers: future intangible investment builds on the current stock

Novelty: intangible capital is a (partly) non-rival input, i.e. it can be:

deployed by innovators across many markets — ”good rents”

copied by competitors — "bad rents”

Insight: non-rivalry affects

total rents

the share of “good” and "bad” rents



Equilibrium growth
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Conclusion

Welfare implications of rising rents?

too much ”bad rents”, from fixed advantages in process efficiency
too little “good rents”, from product innovation

stark facts 4 beautiful and insightful model = everyone should read this paper!

Future research

is growth in process efficiency dead?

is it about the types of rents, or about how they are shared between firms?



