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Abstract: | examine the potential reputation effect created by earnings surprise warnings on the market
reaction and analysts’ forecast revisions to management forecasts. | find that the market and analysts discount
good news forecasts of firms that have never warned of large earnings surprises in the past (“never warning
firms”). However, there is no significant discount for bad news forecasts. Moreover, subsequent tests show
that the market discounts good forecast news of never warning firms regardless of the sign of their prior large
earnings surprises. However, analysts behave as if they were anchoring on the prior earnings surprises pattern
and are surprised if the forecast news does not confirm the pattern. Post management forecasts tests further
demonstrate that the market does not underreact to forecast news. While analysts underreact to both good and
bad news forecasts with the degree of underreaction larger for good news than for bad news, there is no
significant difference, however, in magnitude of underreaction between warning and never warning firms with

good forecast news.
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1. Introduction

In this paper, I link the earnings surprise warnings research with the disclosure reputation
studies, and examine the effect of prior warnings on the market reaction and analysts’ earnings
forecast revisions to current management earnings forecasts. | hypothesize that prior earnings
surprise warnings create a reputation effect of transparency and that reputation is taken into
account when the market and analysts evaluate the credibility of management’s subsequent
earnings forecasts. In particular, | predict that the market and analysts will discount management

forecast news from firms that always kept silent in the past when facing large earnings surprises.

Using First Call’s CIG (Company Issued Guidelines) database, | construct a management
forecast sample of 378 observations, each of which is preceded by four consecutive large
quarterly earnings surprises. | then determine the firm’s earnings surprise warning behavior in
the past four consecutive quarters. Using prior earnings surprise warning records as proxy for
firms’ reputation of transparency, | compare the market and analysts’ responses to current
management earnings forecasts between firms that have never warned about their prior large
earnings surprises (“never warning firms”) and firms that have warned about at least one prior
surprise (“warning firms”). Consistent with my hypothesis, | find both a weaker market reaction
and weaker analysts’ revisions to good management forecast news conditional on never warning.
However there is no significant reaction or revision difference to bad forecast news conditional
on never warning. This asymmetric reaction to management forecasts supports the argument in
prior voluntary disclosure studies that bad news is generally more credible than good news
(Jennings, 1987; Skinner, 1994; Hutton, Miller, and Skinner, 2003; Rogers and Stocken, 2005).
Consistent with this argument, my results suggest that the market and analysts do not discount

bad news conditional on the firm’s reputation for warning about large earnings surprises.



| then conduct two subsequent tests. First, | further explore the sign of the prior large
earnings surprises (good/bad news) in the sample. | investigate whether the weaker
reaction/revision to management forecasts varies with different sign combinations of earnings
surprises. Empirical results of this test show that the sign of prior earnings surprises does not
affect the market reaction to forecast news. However, analysts do take into account whether prior
large earnings surprises are good news or bad news. Conditional on never warning and a current
good news forecast, analysts revise more if the firm has a stream of bad earnings news in the past
than if the current good news forecast is preceded by a stream of good news. By contrast,
conditional on never warning and a current bad news forecast, analysts revise more if the firm
has a stream of good earnings news in the past than if the current bad news forecast is preceded
by a stream of bad news. Thus, analysts behave as if they were anchoring on prior earnings

surprise pattern and are surprised if the forecast news conflicts with the prior pattern.

My second subsequent test examines whether the market or analysts fully incorporate the
news in the current management forecast when issued, and whether the reputation effects from
warning reduce the magnitude of any underreaction. | calculate the abnormal return from the
second day after the management forecast date until the first day after the corresponding earnings
announcement date for the market reaction test. For the analyst test, | calculate analysts’
subsequent revisions after the immediate revision to the management forecast and before the
corresponding earnings announcement date. | then investigate whether the long-term abnormal
return or analysts’ subsequent revisions are associated with the news in the previously released
management forecast. | find no supporting evidence for a market underreaction to management
forecast news, regardless of warning reputations. However, | do find that analysts underreact to

good news forecasts for both warning and never warning firms and underreact to bad news



forecasts for warning firms. Moreover, the underreaction to good news is larger than that to bad
news regardless of the firm’s warning reputation. These results again are consistent with the
argument that bad news is more credible than good news, so that analysts underreact less to bad
news. However, conditional on good forecast news, the results do not support the prediction that
the magnitude of underreaction to good news is lower for warning firms than for never warning
firms. It suggests that although earnings warnings create a reputation for good news forecasts, it
is not significant enough to ensure analyst to fully incorporate the news at the management

forecast date.

Finally, | investigate an alternative explanation to the reputation effect of weaker
reaction/revision to management forecast conditional on never warning. Specifically, | examine
whether earnings surprise warnings signal firms’ future performance, in the sense that never
warning firms’ earnings news are more transitory, whereas warning firms’ earnings news are
more permanent. Using ROA as proxy for firm’s future performance, I could not find evidence

supporting the performance hypothesis.

This paper contributes to the literature in two ways. First, to my knowledge, this is the
first study that connects the literature on earnings surprise warnings with the forecast reputation
literature. The existing research studying forecast reputation focuses on ex-post reputation
measurement, such as forecast accuracy (Hutton and Stocken, 2007) or forecast usefulness
(Williams, 1996; Atiase, Supattarakul and Tse, 2007). By contrast, | study the reputation effect
of large earnings surprise warnings. These warnings represent the disclosure discretion exercised
by management about whether to communicate with the public when the market expectation is

far away from the firm’s true earnings. The study provides evidence that an earnings surprise



warning creates a reputation of transparency that the market and analysts take it into account

when evaluating a firm’s subsequent forecasts.

Second, my paper addresses a puzzling finding in the earnings warning literature.
Kasznik and Lev (1995) find that warning firms with bad earnings news are punished by the
market instead of being rewarded due to a larger negative market reaction. They attribute this
finding to the possibility that warning firms’ earnings news is more transitory than those of no
warning firms. Subsequent studies of this puzzle by Shu (2003), Xu (2003) and Tucker (2007)
focus on the effects of self-selection on the results. Although some improvements have been
made, the results are still mixed. My study takes a completely different perspective. Instead of
looking at market reaction to actual earnings news in the warning window, | examine earnings
warning effect on the reaction to a firm’s subsequent management forecasts. The results,
especially the market reaction results, clearly show that warning firms, regardless of the sign of
prior earnings surprises, are rewarded around the earnings forecast date by receiving both higher
market reaction and higher analyst revision to the good forecast news, since these firms have

build up a disclosure reputation®.

The remainder of this paper is structured as follows. Section 2 reviews the related
literature and develops the research question. Section 3 discusses the data construction process,
defines the key variables in the study, and provides descriptive statistics. The empirical results

are documented in Section 4. Section 5 concludes.

! One caveat to note here is that because management forecasts are voluntary, this setting itself may also create a
self-selection problem. To the extent that managements strategically select their disclosure policies, my inference
about the reputation effect of earnings warnings on the market reaction and analysts’ revisions to forecast news will
be affected.



2. Related Literature and Research Question Development

Two streams of literature are most relevant to my study. The first stream considers the
effect of reputation on a firm’s decision to issue a voluntary disclosure. Skinner (1994) provides
two motivations for voluntary disclosure, in particular for disclosing bad news. The first one is
litigation cost concerns® and the second one is reputation concerns. For the reputation concerns,
Skinner (1994) argues that “money managers, stockholders, security analysts, and other investors
dislike adverse earnings surprise, and may impose costs on firms whose managers are less candid
about potential earnings problem” (page 39). However, all his statistical tests focus on the
litigation hypothesis. Little attention has been given to the reputation effect argument until
recently. Tucker (2007) directly tests Skinner’s conjecture and finds that firms that fail to warn
of negative earnings surprises experience significant decrease in analyst coverage and
institutional ownership. However, she neither examines market or analyst reaction, nor focuses

on the reaction to a firm’s subsequent management forecast.

Three papers, to my knowledge, directly examine the effect of reputation created in the
past on the credibility of a firm’s subsequent forecasts. Williams (1996) examines how security
analysts’ responses to management earnings forecasts vary with the usefulness of prior
management forecasts. She defines forecast usefulness as the extent to which the management
earnings forecast is closer to the actual earnings than analyst’s earnings expectation. She finds
that analysts are more responsive to good news forecasts that have a higher prior usefulness. This

finding, however, does not hold for bad news forecast. Atiase et al. (2007) use Williams’

% The litigation argument has been examined extensively by subsequent literature (e.g. Francis, Philbrick and
Schipper, 1994; Skinner, 1997; Miller and Piotroski, 2000).



definition of forecast usefulness as their measure of forecast reputation and examine how the
market reaction varies with the usefulness of prior management forecast. They find a
significantly positive incremental effect of prior forecast usefulness on the price reaction to
managements’ current earnings forecasts regardless of the sign of forecast news. Hutton and
Stocken (2007) instead use prior forecast accuracy and frequency as their proxy for reputation.
Their main finding is that the market reaction is stronger to forecasts issued by firms with a

higher reputation regardless of the sign of forecast news.

One limitation of these papers is that all reputation measures examined are ex-post. It is
not clear whether firms know their forecast usefulness or forecast accuracy at the time they make
forecasts, and then exercise their discretion accordingly to form their reputation. My paper takes
a different approach to study forecast reputation. | focus directly on a firm’s warning behavior in
the past. Following prior work®, the earnings warning period starts 30 days before the fiscal
period end until the corresponding earnings announcement date. Since the end of the fiscal
period is approaching, it is reasonable to assume that during the warning period, the manager
privately observes earnings for the quarter. To warn or not to warn, therefore, becomes a
decision that managers routinely face every fiscal quarter. Since issuing an earnings surprise
warning is an easier strategy for managers to implement than increasing forecast accuracy or
forecast usefulness, my investigation into the reputation effect of earnings warning is more

useful to managers when they design their disclosure policy.

The second stream of research relevant to my study concerns earnings surprise warnings.

Kasnik and Lev (1995) find that in the combined return window, the market reaction to large

® This definition of earnings warning period is similar to Kasnik and Lev (1995), Soffer, Thiagarajan, and Walther
(2000), Atiase, Supattarakul and Tse (2006), and Tucker (2007).



negative earnings surprises is significantly more negative for warning firms than for no warning
firms. This finding is puzzling because it suggests that warning firms are penalized instead of
rewarded. Atiase et al. (2006) confirms this finding by examining the market reaction to both
large and small earnings surprise warnings. Subsequent studies trying to solve this puzzle all
focus on correcting the potential self-selection bias created by the warning decision. In general,
the improvements from applying the Heckman’s model are ambiguous. Shu (2003) finds that
warning effect is positive after correction for self-selection. However, Xu (2003) and Tucker
(2007) both find that warning firms have significant lower return than no warning firms even

after correction for self-selection®.

In this paper, | take a different perspective to investigate the positive earnings warning
effect. |1 examine the effect of earnings surprise warnings on the reputation of management’s
subsequent forecasts. Prior research finds that good news forecasts are less credible than bad
news forecasts (e.g. Jennings, 1987; Hutton et al., 2003; Rogers and Stocken, 2005). The effect
of an earnings surprise warning, if it affects a firm’s forecast reputation, will be salient when
examining the reaction to a subsequent management earnings forecast, especially a good news

forecast, conditional on different earnings warning records.

In sum, based on the findings from two research streams, | predict that the market
reaction to and analysts’ revisions surrounding current management forecasts will be lower for

never warning firms than for warning firms. The rationale is that warning firms are considered to

* Self-selection is a common and unresolved econometrics issue in the empirical voluntary disclosure studies,
including mine. The responses of the market and analysts to management forecast news are unobservable whenever
firms choose not to disclose. To the extent that this choice is nonrandom, the response coefficients are only partially
identified. Any a priori assumption about the choice behavior will decrease the credibility of inference. Therefore,
future work to better understand firms’ disclosure strategies is needed.



be more transparent, whereas never warning firms are considered to be willing to withhold
information. If transparency changes investors’ assessment of the forecast precision®, then never
warning firms’ forecast will have lower posterior precision. This lower precision will lead to

lower returns and smaller analyst revisions.

3. Data, Variable Measurement and Descriptive Statistics
3.1 Data
3.1.1 Main Sample

Table 1 summarizes the data construction process. | start the data construction process by
collecting valid management forecasts, for which the 3-day abnormal return, the analyst forecast
revision and forecasts news can be calculated. The management forecast data come from the CIG
(Company Issued Guidelines) file of the First Call database. I first obtain all point or range
quarterly management earnings forecasts of US$ from 1994 to 2006, yielding 38,751
observations. Forecast types are restricted to either point or range since it is hard to define
forecast news for qualitative forecasts. | do not include forecasts made before 1994 because there
is little coverage in the CIG database in earlier years®. | then drop observations with missing
CUSIPs. If multiple forecasts about the same horizon exist on the same day, | keep the last

forecast. If multiple forecasts about different horizon exist on the same day, | keep the forecast

*Theoretical models about the response coefficient, such as Subramanyam (1996) and Verrecchia (2001),
demonstrate that the response coefficient varies with investor’s degree of uncertainty about the precision of the
earnings signal. The higher the precision is, the higher the response coefficient.

® There are only 68 observations in the CIG database before 1994.



with the shortest horizon’. All forecasts are required to be made before the fiscal period end to
avoid pre-announcements. These requirements result in 25,842 observations. | further exclude
forecasts that a link with CRSP database cannot be established and keep forecasts of firms that
have ordinary shares (share code 11 or 12) and that are listed on NYSE, AMEX, or NASDAQ

(exchange code 1, 2, or 3). These requirements yield a sample of 23,010 observations.

To obtain the market expectation and analyst forecast revision, | merge my database with
the SUM (Summary Statistics) file in First Call and obtain the prevailing median consensus
analyst forecasts both before and after the management forecast. For the median consensus
analyst forecasts before (after) the management forecast, | require that the analyst forecast is
issued at least 2 days and no more than 90 days before (after) the corresponding management
forecast. This requirement is to ensure that the analyst forecast does not fall into the 3-day
management forecast window and is not stale. | then eliminate forecasts without the pre-release
stock price, which is the stock price two days before the management forecast. | also exclude
forecasts with pre-release price under $1.00 to avoid the illiquidity of “penny” stocks (D’Avolio
2002) and mitigate the potential outlier effect caused by a small deflator. Finally, I eliminate
observations that forecast news, 3-day abnormal return, and analysts forecast revision cannot be

calculated, reducing the sample to 18,128 observations.

For each firm-forecast observation, | analyze the prior four consecutive fiscal quarters to
determine whether the firm issuing the management forecast has large prior earnings surprises
and whether the firm has warned the market. The timeline is presented as follows (EAD denotes

the earnings announcement date):

" My results are qualitatively unaffected if I drop the 20 multiple forecast observations.



Management Earnings
Warn or not Warn or not Warn or not Warn or not Forecast

| v o v v I A
-

EAD_4 EAD; EAD,, EAD, EAD,

| follow Kasznik and Lev (1995) to calculate/determine large earnings surprises and

earnings warnings for each prior fiscal quarter (see the timeline below).

Earnings Warning Window
Analysts’ Forecast

EAD:, 30 Days FPE; EAD;

EAD; and FPE; represent, respectively, the earnings announcement date and the fiscal period end
date for quarter t preceding the management forecast. The earnings warning window is defined
as the period starting from 30 days before the FPE until the corresponding earnings
announcement date. Since the end of the fiscal period is approaching, it is reasonable to assume
that during this window, the manager knows earnings for the quarter. A firm is deemed to have
warned about the earnings surprise if any form of earnings-related voluntary disclosure is made

within the earnings warning window (Atiase et al., 2006)

The median analyst forecast is used as proxy for market earnings expectation before the
warning period. For each prior quarter, | obtain the prevailing median consensus analyst
forecasts right before the start of the warning period. | require that the analyst forecasts are
issued no more than 90 days before the start of the warnings period to avoid stale forecasts. The
earnings surprise for each prior four quarters (Surpy) is measured as the difference between actual

EPS (Earn;) and the median consensus analysts’ forecast prevailing at the beginning of the
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warnings window (AF;) divided by the firm’s share price at the beginning of the corresponding
quarter (Py) (Kasznik and Lev, 1995; Atiase et al. 2006). Formally, it is calculated as follows:

Earn-AF;

Surp&= S
t

Following Kasznik and Lev (1995), | define the absolute value of earnings surprise in excess of
1% of stock price as “large”. Since a firm’s reputation is established over the long term, | require
that each forecast in my sample is preceded by four consecutive large earnings surprises. While
this requirement provides the market a relatively long time period to evaluate a firm’s warning

behavior, it reduces the sample to 380 observations.

Finally, I merge my dataset with Compustat to obtain earnings announcement dates and
data necessary to calculate several control variables. This further eliminates 2 observations. My
main sample for the short window event study therefore consists of 378 quarterly management

forecasts, which come from 180 different firms.
3.1.2 Descriptive Statistics for the Main Sample

Table 2 presents the distributional properties of the main sample. Panel A tabulates the
calendar year distribution of the sample. There is generally an increasing trend of the number of
forecasts in the sample. This trend may indicate that U.S. firms are gradually becoming more
forthcoming, First Call is expanding the database, or both. The number of observations increases
dramatically in 2001. This is consistent with the finding of a substantial increase in the volume

of firms' voluntary disclosures after the implementation of Regulation Fair Disclosure (Reg FD)
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on October 23, 2000 (Heflin, Subramanyam, and Zhang 2003). Since | require that the current
management forecast be preceded by four prior large earnings surprises, the more management
earnings forecasts are available, the more firms with prior large earnings surprises will appear in

the sample.

Within the sample, there are more bad news disclosures (60.85%) than good news
disclosures. This is consistent with the prior research that quarterly disclosures contain more bad
news than good news (e.g. Baginski, Hassell and Waymire, 1994; Skinner, 1994; Kasznik and
Lev, 1995; Soffer, Thiagarajan and Walther, 2000). Panel B lists the industry distribution of the
378 management forecasts. According to the number and frequency of the observations in each
industry, classified by the 2-digit SIC code, the sample firms are quite dispersed over a variety of
industries. The distribution of forecast type is presented in Panel C. The majority of the forecasts

(around 80% of the sample) are range forecasts.

Firms’ warning records in the prior four consecutive quarters are shown in Panel D.
When facing large consecutive earnings surprises, 112 observations (30% of the sample and 72
different firms) never warn investors at all across all prior four quarters. 121 (32% of the sample
and 47 different firms) observations, 87 (23% of the sample and 37 different firms) observations,
and 40 (11% of the sample and 18 different firms) observations keep silent for three, two and one
time, respectively. Only 18 observations (5% of the sample and 6 different firms) communicate
continuously with the public about their large earnings surprises. The warning records indicate
that few firms voluntarily commit to warn investors every quarter. Rather, they suggest that a

large portion of firms find it in their best interest to keep silent the majority of the time. The

® Regulation Fair Disclosure was issued by the SEC to prohibit firms from privately disclosing value-relevant
information to analysts without simultaneously disclosing the same information to the public.
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finding of the warning behavior in the multi-period extends Kasznik and Lev (1995), who find

that in a single period 50% percent of the firms kept silent.

Panel E further analyzes the relation between warning behavior and the sign of prior
earnings surprises (good/bad news). As the prior quarter’s earnings news contains more bad
news than good news, the percentage of never warning goes up from 27.3% to 60.7% and then
drops to 36.3% when all the prior earnings surprise are negative. Moreover, the sample has more
negative earnings surprise records than positive ones; 57.7% of the observations have large
negative earnings surprises in all prior four quarters. Around 84% of the sample has large
negative earnings surprises more than half of the time. Panel F provides contingency tables for
warning records and subsequent management forecast news. For either warning or never warning
firms, their subsequent management forecasts news is roughly equally distributed between good
news and bad news. The y? test for independence provides evidence that prior warning behavior
is not systematically associated with the sign of the current forecast news (x* = 0.25 and p-value

> 0.5).
3.1.3 Sample for Subsequent Investigations

The sample used for post management forecast tests is smaller than the main sample.
Based on the main sample, | calculate the long term buy-and-hold abnormal returns from the
second day after the management forecast date until the first day after the corresponding earnings
announcement date. | obtain earnings announcement dates from both Compustat and First Call,
and keep the earlier one if they are different. | lose 4 observations because of missing earnings
announcement dates in both databases. In addition, 2 observations are delisted during the buy-

and-hold period. Because the delisted observations are few, | exclude them from the analysis.
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Finally, 7 observations correspond to forecasts with earnings announcement dates in 2007, where
CRSP return data are not available. These restrictions reduce my sample to 365 observations for
the market reaction test. Furthermore, for the analyst subsequent revision test, | delete 81
observations for which analysts’ consensus forecasts stay constant after their first revision to the
management forecast news. This additional requirement leaves 284 observations for the analyst

revision test.

3.2 Variable Definitions and Descriptive Statistics
3.2.1 Key Variable Definitions

This section discusses the key dependent and independent variables analyzed in the

paper. For a comprehensive summary of all the terms and variables, please refer to the Appendix.
Abnormal Returns (CAR_3d)

The 3-day buy-and-hold abnormal return is measured from day -1 to day +1, where day 0
is the management forecast issue date. The abnormal return is sized-adjusted, and is calculated as
the 3-day buy-and-hold raw return for a specific stock minus the 3-day buy-and-hold decile

return based on the year-end capitalization of all the NYSE, AMEX, and NASDAQ firms.

% In an unreported analysis, | keep these observations and set analysts’ subsequent revision to be zero. My results are
not sensitive to this variation.
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Analyst Revision (RAF)

Following Williams (1996), I measure the analyst’s revision to the management forecast
as the median consensus analysts’ forecast prevailing immediately after the management forecast
less the median consensus analysts’ forecast prevailing on the day of the management forecast,

divided by the pre-release price, which is two days before the management forecast.
Management Forecast News (News)

Management forecast news is defined as the management forecast (MF;) less the median
consensus analysts’ forecast (AF;) prevailing on the day of the management forecast, deflated by

the pre-release price (P):

The numerical value of MF is determined by using the point value if the forecast is a point
forecast or the midpoint value if the forecast is a range type™® (e.g. Baginski, Conrad and Hassell,

1993; Soffer et al., 2000; Hutton and Stocken, 2007).
Warning Records (NW)

Recall that I define the existence of an earnings surprise warning as any form of earnings-
related voluntary management disclosure made within the earnings warning window, which is

the period from 30 days before the fiscal period end until the corresponding actual earnings

9 The “CIG Code” field in the CIG database is used to distinguish different forecast types. Following Anilowski,
Feng and Skinner (2006), | classify the forecasts into point type if the code is A (about), F (comfortable with) or Z
(break even). I classify the forecasts into range type if the code is B (between), G (low end of) or H (high end of).
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announcement date. The variable NW equals 1 if a firm-forecast observation has no earnings

surprise warning records in any of the prior four consecutive quarters, 0 otherwise.

3.2.2 Descriptive Statistics

Table 3 Panel A reports the univariate analysis of the variables in the main sample. For
each continuous variable, 1 compare warning firms with never warning firms using both mean
comparison test and Mann-Whitney rank-sum test. For discrete variables, | perform the
proportion difference test. The results show that the mean of analysts’ revision is slightly
negative for both groups (two-tailed p-value < 0.01 for warning firms and two-tailed p-value =
0.0356 for never warning firms). These mean values are consistent with prior findings that
analysts issue systematically optimistic forecasts at the beginning and then “walk down” their
estimates to a level that firms can beat at the earnings announcement date (Richardson, Teoh,
and Wysocki, 2004; Bonner, Hugon and Walther, 2007). The mean of analysts’ revisions for
warning firms is more negative than that for never warning firms (two-tailed p-value = 0.081),
indicating that analysts downgrade their earnings expectations more for warning firms. The
results also show that never warning firms have significantly higher good news, on average, than
warning firms (two-tailed p-value = 0.047). However, there is no statistically significant
difference in the degree of bad forecast news between the two groups. In addition, warning
firms’ management forecasts are significantly closer to the fiscal quarter end (difference is 8.9
days with p-value = 0.021 for mean, and 3 days with two-tailed p-value = 0.075 for median).
Warning firms, on average, are larger in size (Size), which is measured by a firm’s natural log of
total assets (in millions of US$). The size difference is 6.549 with two-tailed p-value = 0.002 for
the mean, and 6.203 with two-tailed p-value = 0.001 for the median. On the other hand, there is

no statistically significant difference in abnormal returns (Car_3d), growth opportunities (BM, a
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firm’s book-to-market ratio), percentage of forecast precision used (Type), or percentage of

losses (Loss) between the two groups.

Table 3 Panel B presents the Pearson and Spearman correlation matrix for variables in the
main sample. Two things are worthy to note. First, as expected, the dependent variables (Car_3d
and RAF) are positively and significantly associated with all the news variables, consistent with
the information content of management forecasts. Second, two independent variables (BM and
Loss) are highly correlated with News*Bad (either Pearson or Spearman correlation is greater
than 30%). Such correlations potentially induce a multicollinearity problem, perhaps accounting
for the lack of significance of the News*Bad variable in the short window market reaction test. In
an unreported analysis, | drop BM or Loss. Although the News*Bad variable becomes significant
(two-tailed p-value<1% for OLS and two-tailed p-value<10% for clustered standard errors), the

tenor of the results does not change.

4. Empirical Results

4.1 Market Reaction and Analysts’ Forecast Revisions to Management Forecasts

Conditional on Earnings Warning Records

To examine whether earnings surprise warnings will create a reputation for transparency
and thus induce a higher market reaction and higher analysts’ revision to forecast news, I

estimate the following regression model (time and unit subscripts are suppressed):
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where:

CAR_3d

RAF

NW

News

Good

Bad

+ + + (D)

The 3-day buy-and-hold size-adjusted returns from day -1 to day +1,
where day 0 is the management forecast issue date.

The post management forecast median consensus analyst EPS forecast
less the pre management forecast median consensus analyst EPS forecast,
divided by pre-release price, which is two days before the management
forecast.

An indicator variable that equals 1 if the firm has never warned about its
prior four large earnings surprises, and 0 otherwise.

Management forecast news is defined as the management forecast less the
median consensus analyst forecast prevailing on the day of the
management forecast, deflated by the pre-release price, which is two days
before the management forecast.

An indicator variable that equals 1 if forecast News is non-negative, and 0
otherwise.

An indicator variable that equals 1 if forecast News is negative, and 0

otherwise.

and control variables include:

18



Loss = An indicator variable that equals 1 if the management forecast is negative,
and 0 otherwise.
Horizon = Number of calendar days between the management forecast date and the
corresponding fiscal period end date.
Type = An indicator variable that equals 1 if the management forecast is a point
estimate, and 0 otherwise.
Size = Natural log of total assets (Compustat quarterly data item #44) at the end
of the previous fiscal period.
BM = The ratio of the book value of equity (Compustat quarterly data #59) to
the market value of equity (Compustat quarterly data #14*Compustat

quarterly data #61) at the end of the previous fiscal period.

Since it is well documented that the market reacts more strongly to bad news forecasts
than to good news forecasts (e.g. Jennings, 1987; Skinner, 1994; Hutton, et al., 2003; Roger and
Stocken 2005), | allow the slope of the news to vary with the sign of the news. The indicator
variable Good (Bad) equals 1 if the forecast news is non-negative (negative), and equals O
otherwise. | then interact NW with both good news and bad news to see whether the market or
analysts are more responsive to good and bad news when firms have warned their large earnings

surprises in the past.

Following prior literature on the cross-sectional variation of earnings/forecasts response
coefficients and the determinant of forecast behavior, | include several control variables and also
allow these control variables to interact with News. These variables include Loss (Basu, 1997;

Hayn, 1995), Horizon (Johnson, Kasznik and Nelson, 2001), Type (Baginski et al., 1993), Size
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(Baginski and Hassell 1997) and BM (Roger and Stocken 2005)!. For the analysts’ revision test,

| also control for CAR_3d (Baginski and Hassell, 1990; Williams, 1996).

Because my dataset contains multiple observations from the same firm, the residuals may
be correlated within a firm (within cluster correlation). In the presence of within cluster
correlation, the OLS standard errors understate the true standard errors and inflate the t-statistics.
Therefore, | choose the standard errors clustered by firm to correct the potential cross-sectional
dependence®™. All the reported t-statistics and F-statistics in this test and the two subsequent

regression tests are adjusted for within cluster correlation by firm.

Table 4 reports the regression results. Consistent with prior literature (e.g., Ajinkya and
Gift, 1984; Waymire, 1984; Jennings, 1987), the response coefficients of both market reaction
and analyst revision on all types of management forecast news are positive, i.e. coefficients on
good news (o) and bad news (a3) conditional on warning, and combined coefficients on good
news (ap+os) and bad news (os+as) conditional on never warning. Some of the news variables
for the market reaction test are not significant. This is due to the multicollearity induced by Loss
and BM. Dropping any of the two variables makes the insignificant news variables significant,

but does not affect my main results. One exception to note is that for the market reaction test, the

1 In an untabulated regression result, | also control for News*|News| to capture the potential non-linear S-shape of
the response coefficient (Freeman and Tse, 1992). This control variable is statistically significant; however, my
findings are robust to this variation. Since the introduction of a higher order News variable complicates the
interpretation, | choose to report the more parsimonious specifications.

2 There is a variety of methods applied in the accounting and finance literature to correct the standard errors, the
choice of which depends on the source of dependence appearing in the data. These methods include, but are not
limited to, White standard errors, clustered standard errors by firm or by year, and the Fama-MacBeth procedure. In
the presence of within firm clustering, the standard errors clustered by firm are the best choice. They are robust to
heteroskedasticity and correctly adjust the correlation within a firm. White standard errors are not robust to within
cluster dependence. Fama-MacBeth procedure underestimates the standard errors as OLS does and the downward
bias grows even faster than the OLS bias as the firm effect becomes larger. For a comprehensive comparison
analysis of different methods applied to within cluster correlation, please refer to Petersen (2007).
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response coefficient is significantly larger for good news than for bad news conditional on
earnings warning. The difference in response coefficient (o-0s) is 3.461 with two-tailed p-value
less than 10%. It is opposite to prior research findings, which document a larger reaction to bad
news than to good news. This anomalous finding might be due to the particular sample studied in

this paper, which is restricted to firms that all have a stream of prior large earnings surprises.

My key variables of interests in this regression are the incremental effects of earnings
warnings on the response coefficients. Consistent with my prediction, the estimated coefficient
on News*Good*NW (oy4) is significantly negative for both the market reaction and analysts’
revision tests, indicating that conditional on a good news forecast, both the market and analysts
discount the management's forecast if it is issued by a firm that has never warned the public
when facing large earnings surprises in the past. However, the estimated coefficient on
News*Bad*NW (as) is not significant. This result is in contrast to the result from Hutton and
Stocken (2007), who find that market is more responsive to both good and bad forecast news
when firms have a higher forecast reputation. Two possibilities for the inconsistent results
include different proxies for reputation (prior forecast accuracy and frequency versus prior
earnings warning records) and sample composition. My results, especially the one from analysts’
revision test are, however, consistent with the findings in Williams (1996), who documents that
the usefulness of a prior earnings forecast by management (her proxy for forecast reputation)
only results in a stronger reaction to current good news forecasts, but not bad news forecasts. A
possible explanation for the asymmetric reaction to good news versus bad news conditional on
earnings warning is that bad news is more credible than good news (Jennings, 1987; Skinner,

1994; Hutton, et al., 2003; Rogers and Stocken, 2005), so that the market and analysts do not
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discount bad news if the firm has never warned in the past’®. One caveat to interpreting my
results is that management forecasts are voluntary. We cannot observe the true market reaction
and analysts’ revisions to forecasts news when the managements choose not to disclose. To the
extent that managements self-select their disclosure policies, my results about the reputation
effect of earnings warnings on the market reaction and analysts’ revision to forecast news will be

affected.
4.2 Further Investigations

4.2.1 Sign of Prior Earnings Surprises, and Market Reaction and Analysts’ Revisions to

Current Management Forecasts

My previous test examines the effect of prior earnings warning records on the market
reaction and analysts’ revisions to current management forecast. However, | do not explore the
sign of prior earnings surprises for each forecast. The four consecutive large earnings surprises
preceding each firm-forecast observation may consist of a stream of positive surprises, a stream
of negative surprises, or various combinations of positive and negative surprises. Furthermore, as
discussed in Section 3.1.2, descriptive statistics indicate that the sample firms have experienced
more negative large earnings surprise than positive ones in the past. Therefore, it is worthwhile
to investigate whether the weaker reaction by the market and analysts to never warning firms is
affected by the sign of prior earnings surprises by estimating the following regression model

(time and unit subscripts are suppressed):

3 Williams (1996) proposes a similar explanation: “if bad news is considered credible, then the negative surprise
expressed by FD and/or the information contained in market price reaction should be sufficient to prompt an analyst
forecast revision. However, for good news forecasts, analysts might determine the believability of management’s
projection by examining the usefulness of a prior good news forecast by management ™ (page 110).
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+ + + (2

where the only variable not previously defined is:

Neg = The percentage of negative earnings surprises in the prior four
consecutive quarters (the number of negative earnings surprises divided
by 4).

The results are reported in Table 5. For the market reaction test, the coefficients on
News*Good*NW*Neg (Bs) and News*Bad*NW*Neg (B7) are not significant. Thus, there is no
differential effect of the sign of the prior earnings surprises on the market reaction to never
warning firms’ earnings forecasts. | also conduct F-tests for response coefficients of never
warning firms that have a prior stream of good/bad earnings surprises. There are four cases to
consider here: good news forecast preceded by a stream of bad news (coefficient B,+f4+fs),
good news forecast preceded by a stream of good news (coefficient ,+pB4), bad news forecast
preceded by a stream of bad news (coefficient Bs+ps+pB7), and bad news forecast preceded by a
stream of good news (coefficient Bs+ps). As expected, the coefficients are all positive. However,
three of the four coefficients are not statistically significant. The possible explanation might be

due to the small sample size each case and multicollearity induced by BM and Loss.

Although the market does not take into account the sign of the firm’s prior large earnings

surprises when evaluating management’s current forecast, the analysts’ revisions test suggests
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that analysts do. The estimated coefficient on News*Good*NW*Neg is now positive and highly
significant (Bs = 1.189, t-statistic = 5.02). However, the estimated coefficient on
News*Bad*NW*Neg is negative and highly significant (7 = -1.441, t-statistic = -4.00). Similar
to above, | also perform the F-test to determine the sign and significance of response coefficients
for never warnings firms that experience a stream of good/bad earnings surprises before. Three
of the four cases are positive and statistically significant. Since the Neg variable is the proportion
of prior negative earnings surprises, Neg equals O if all the prior earnings surprises are positive
and 1 if all the prior earnings surprises are negative. Thus, the interpretation of the significant
interaction terms is that conditional on good news forecast and never warning in the past,
analysts revise more if the forecast is preceded by a stream of large negative earnings surprises
than by a stream of large positive earnings surprises. On the other hand, conditional on bad news
forecast and never warning before, analysts revise more if the forecast is preceded by a stream of
large positive earnings surprises than by a stream of large negative earnings surprises. These
results are consistent with analysts behaving as if they were anchoring on the pattern of prior
earnings surprises and heuristically expecting the same sign news in the current period. When the
sign of management forecast is different than the past earnings surprises pattern, they are
surprised*®. This result motivates the next test, in which | examine analysts’ subsequent revisions

to the old management forecast news.

4.2.2 Post Management Forecasts Returns and Analysts’ Subsequent Revision before the

Earnings Announcement

 Similar to the caveat discussed in Section 4.1, the self-selection issue may affect the inference of my results. In
particular, the sign of prior earnings surprises is likely to be correlated with managements’ disclosure decision,
which makes the missing data not random.
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Because of the well-documented credibility issues associated with management forecasts
(Jennings, 1987; Skinner, 1994; Hutton, et al., 2003; Rogers and Stocken, 2005), it is seems
reasonable to expect underreaction to forecast news (Ng, Tuna and Verdi, 2007). Moreover,
since my results in Section 4.1 suggest that prior earnings surprise warnings create additional
credibility concerns for good forecast news, | also expect more underreaction to good forecast
news for never warning firms. To investigate this conjecture, | examine the following regression

model (time and unit subscripts are suppressed):

_( _ )= ot 1 2 + 3
+ 1 + 2 + 3 t o4 t 5 + (3

where the variables not previously defined are:

CAR_LT = Long-term size-adjusted buy-and-hold return, measured from the second
day after the management earnings forecast date until the first day after
the corresponding earnings announcement date.

RAF_LT = Analyst’s latest revision after the management earnings forecast,

calculated as the last post management forecast consensus median analyst
EPS forecast before the corresponding earnings announcement date less
the first median consensus analyst EPS forecast after the management
forecast, divided by price two days before the management forecast.
| use analysts’ subsequent revisions as the dependent variable for the analyst
underreaction test to see whether analysts’ subsequent revisions (after the revision surrounding

the management forecast) are associated with the old management forecast news. If the estimated
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coefficients on the news variables are significantly positive, then it indicates that analysts
continue to revise upward according to previously released good news and continue to revise

downward according to previously released bad news.

Table 6 presents the results. For the long-term returns test, there is no association
between any of the news variables and the long-term abnormal return. The estimated coefficients
for News*Good (y), News*Bad (y3), News*Good*NW (ys), News*Bad*NW (ys) are all
statistically insignificant. The only significant variables are Loss (0.076, t-stat = 2.22). and BM
(0.046, t-stat = 1.74). In fact, the regression has only 4% explanatory power. This result is
consistent with Roger and Stocken (1995) who find no association between the forecast news
and the post forecast announcement abnormal return from the second day until the sixth day after
the management forecast date. It is also consistent with the multivariate regression results in Ng
et al. (2007). In their paper, although a hedge portfolio trading strategy of going long in firms in
the top quintile and going short in firms in the bottom quintile of forecast news generates an
economically significant abnormal return, the multivariate regression results do not support

underreaction.

By contrast, the analysts’ subsequent revisions test supports the prediction that analysts
underreact to management forecast news. Both News*Good (y,) and News*Bad (ys) are positive
and statistically significant. The F-test for the coefficient for never warning firms with good
forecast news (y2tys4) is also significantly positive. These findings suggest that analyst underreact
to good forecast news for both warning and never warning firms, and underreact to bad news for
warning firms. When | compare the magnitude of underreaction between good news and bad
news ((y2-ys) for warning firms and (y2+ya)-(ys+ys) for never warning firms), the underreaction to

good news is larger than that to bad news (0.379, F=5.02, two tailed p-value = 0.0267 for
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warning firms and 0.612, F=8.37, two tailed p-value < 0.01 for never warning firms). This result
is consistent with the argument that bad news is more credible than good news, leading analysts
to underreact less to bad news. However, the results do not support the prediction that the
magnitude of underreaction to good news is larger for never warning firms than for warning
firms. News*Good*NW, although positive, is not statistically significant. The result indicates that
the sign of current forecast news is the primary factor that determines analysts’ underreaction.
Although the short window return analysis supports the reputation effect of earnings surprise
warnings for good news, it is not sufficient to ensure analysts to fully incorporate good forecast

news for warning firms at the forecast date.

The underreaction to management forecast news for the analysts and no underreaction to
management forecast news for the capital market suggested by these tests is not necessarily
contradictory because analysts may represent a particular group of people who fall prey to the
same behavioral heuristic, whereas the market as a whole consists of people with heterogeneous

beliefs and, on average, makes unbiased reaction to forecast news™.

4.3 Alternative Explanation

In this section, | examine one possible alternative explanation for my finding of weaker
market reaction and analysts’ revision to forecast news for never warning firms. Instead of the
reputation/credibility interpretation, it is possible that earnings surprise warnings signal firms’

future performance, in the sense that never warning firms’ earnings news are more transitory,

15 Similar to the caveat discussed in Section 4.1 and Section 4.2.1, the test here is subject to the self-selection bias,
which may affect the inference of my results.

27



whereas the more forthcoming firms’ earnings news are more permanent™. Under this scenario,
the market recognizes the information content of earnings surprise warnings and rationally

response to forecast news according to different warning behaviors.

To investigate this possibility, I use ROA as proxy for future performance. I compare
ROAs of warning firms with never warning firms at the fiscal quarter end that is forecasted, and
for two subsequent quarters. Table 7 provides the results. There is no significant difference in
future performance between warning and never warning firms, proxied by ROA, in any of the
future quarters starting from the fiscal period end that is forecasted. The result is not consistent
with the signaling explanation and thus supports the reputation argument of earnings surprise

warnings.

5. Conclusion

I examine the effect of prior earnings surprise warnings on the market reaction and
analysts’ forecast revisions to current management earnings forecasts. | find that the market
reacts less to good news forecast for never warning firms. However, there is no significant
difference in the market reaction or analysts’ revisions to bad news forecast between warning
and never warning firms. In subsequent tests, | further find that the market reaction to never
warning firms is not affected by the sign of prior earnings news. However, analysts’ revisions to

good news are significantly higher when the forecast is preceded by a stream of bad news than

1% When Kasnik and Lev (1995) find that in the combined window, warning firms with bad news are punished by the
market, they attribute their results to the different persistence of earnings news between warning and no warning
firms.

28



by a stream of good news. Similarly, analysts’ revisions to bad news are significantly higher
when the forecast is preceded by a stream of good news than by a stream of bad news. While, |
do not find evidence of any market underreaction to forecast news, the results suggest that
analysts underreact to forecast news and the underreaction is larger for good forecast news than
bad forecast news. Within the same news content category, however, there is no significant

difference in the magnitude of underreaction.

My findings not only contribute to the forecast reputation literature by introducing prior
earnings warnings as proxy for reputation, but also respond to a puzzle in the earnings warning
literature about whether earnings warning is penalized or rewarded. | directly show that earnings
warning firms are rewarded at the management forecast date by receiving both higher market
reaction and higher analysts’ revision to good news forecast. Admittedly, caution should be
taken when making statistical inference about the results. Because management forecasts are
voluntary and are strategically chosen by firms, my study on the market reaction and analysts’
revisions to forecast news is subject to the self-selection bias. Future work on the reputation
effect of earnings warnings on management forecasts will be greatly improved by a better

understanding of how managements make their disclosure decision.
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Appendix: Terms and Variable Definitions

CAR_3d

RAF

News

Good
Bad

NW

Neg

Horizon

Type

Loss

BM

Size

The 3-day buy-and-hold size-adjusted returns from day -1 to day +1,
where day 0 is the management forecast issue date.

The post management forecast median consensus analyst EPS
forecast less the pre management forecast median consensus analyst
EPS forecast, divided by pre-release price, which is two days before
the management forecast.

Management forecast news is defined as the management forecast
less the median consensus analyst forecast prevailing on the day of
the management forecast, deflated by the pre-release price, which is
two days before the management forecast.

An indicator variable that equals 1 if forecast News is non-negative,
and 0 otherwise.

An indicator variable that equals 1 if forecast News is negative, and 0
otherwise.

An indicator variable that equals 1 if the firm has never warned about
its prior four large earnings surprises, and 0 otherwise.

The percentage of negative earnings surprises in the prior four
consecutive quarters (the number of negative earnings surprises
divided by 4).

Number of calendar days between the management forecast date and
the corresponding fiscal period end date.

An indicator variable that equals 1 if the management forecast is a
point estimate, and 0 otherwise.

An indicator variable that equals 1 if the management forecast is
negative, and 0 otherwise.

The ratio of the book value of equity (Compustat quarterly data #59)
to the market value of equity (Compustat quarterly data
#14*Compustat quarterly data #61) at the end of the previous fiscal
period.

Natural log of total assets (Compustat quarterly data item #44) at the
end of the previous fiscal period.
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Appendix (continued): Terms and Variable Definitions

CAR LT

RAF LT

ROA

Earnings
warning
window
Earnings
surprise
warnings

Long-term size-adjusted buy-and-hold return, measured from the
second day after the management earnings forecast date until the first
day after the corresponding earnings announcement date.

Analyst’s latest revision after the management earnings forecast,
calculated as the last post management forecast consensus median
analyst EPS forecast before the corresponding earnings
announcement date less the first median consensus analyst EPS
forecast after the management forecast, divided by price two days
before the management forecast.

The ratio of the income before extraordinary items (Compustat
quarterly data #8) to the total assets (Compustat quarterly data #44).

Start from the 30 days before the corresponding FPE till the earnings
announcement day of that fiscal period.

Any form of earnings-related voluntary management disclosure made
within the earnings warning window.
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Table 1. Sample Selection Criteria.

This table summarizes the data construction process of the main sample (N=378). The number of observations after
imposing certain sample selection criteria is presented in each step. Observation deductions are in parentheses

Number of
Observations

Obtain management forecasts and create link with CRSP.

Stepl All point or range quarterly management forecasts of US$ EPS from 1994 to 2006. 38,751

Drop observations with missing CUSIP and keep the last forecast if multiple forecasts
Step2 about the same horizon exist in a same day. 38,192
(559)

Keep forecasts with the shortest horizon if multiple forecasts about different horizon

Step3 exist in a same day. 34,664
(3,528)
Step4 Drop forecasts issued after the fiscal period end to avoid pre-announcements. 25,842
(8,822)
Step5 Drop forecasts without CUSIP-PERMNO link between First Call and CRSP. 23,628
(2,214)

Keep observations that have ordinary share (sharecode 11 or 12) and listed on NYSE,
Step6 NASDAQ or AMEX (exchange code 1, 2, or 3) 23,010
(618)

Calculate the dependent variables (Car3d_bh, RAF) and the key independent variable (News).
Obtain prevailing consensus median analyst forecasts both before and after management

Step7 forecasts. 18,376
(4,634)

Drop forecasts without pre-release stock price and drop forecasts with pre-release price
Step8 under $1.00 18,315
(61)
Step9 Obtain the 3-day abnormal return around the management forecast date. 18,128
(187)

Require prior four quarters' earnings surprises to be large for each forecast and obtain warnings record.

Obtain prior 4 consecutive FPE, actual EPS, the prevailing consensus median analyst
forecasts for each prior quarter right before the start of the warning period, and the stock

Stepl0 price as deflator. 17,482
(646)
Keep forecasts, whose surprises can be calculated, obtain warning records and drop

Stepll forecasts without consecutive histories. 15,952
(1,530)

Require all prior 4 quarters' earnings surprises to be large. (>1% of share price) and drop
Stepl2 forecasts without consecutive histories. 380
(15,572)

Create link with Compustat and calculate control variables.

Create link with Compustat, obtain actual earnings announcement date and calculate all
Step 13 the control variables - MAIN SAMPLE (final data for short window event study). 378°

2

& The main sample consists of 180 different firms.
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Table 2. Distributional Properties of the Main Sample

This table provides the distribution properties of the main sample (N=378). Panel A reports the calendar year
distribution of the sample. Panel B reports the industry distribution of the sample. Panel C reports the distribution of
forecast type. Firms’ warning records in the prior four consecutive quarters are shown in Panel D. Panel E provides
the contingency table for warnings records and the percentage of bad earnings news in the prior four consecutive
quarters. Panel F presents the contingency table for warnings records and subsequent management forecast news.

Panel A. Calendar year distribution

# of bad % of bad news

Year # of forecasts % of the sample news forecasts of the
forecasts year

1994 2 0.53% 0 0.00%
1995 4 1.06% 3 75.00%
1996 7 1.85% 4 57.14%
1997 1 0.26% 1 100.00%
1998 6 1.59% 5 83.33%
1999 8 2.12% 5 62.50%
2000 12 3.17% 10 83.33%
2001 40 10.58% 24 60.00%
2002 61 16.14% 35 57.38%
2003 78 20.63% 46 58.97%
2004 65 17.20% 39 60.00%
2005 55 14.55% 36 65.45%
2006 39 10.32% 22 56.41%
Total 378 230

% of the sample 100.00% 60.85%
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Table 2. (continued) Distributional Properties of the Main Sample

Panel B. Industry distribution

SIC Industry Description # %
12 COAL MINING 1 0.26%
13 OIL AND GAS EXTRACTION 12 3.17%
15 GENERAL BUILDING CONTRACTORS 7 1.85%
20 FOOD AND KINDRED PRODUCTS 3 0.79%
22  TEXTILE MILL PRODUCTS 12 3.17%
23 APPAREL & OTHER TEXTILE PRODUCTS 8 2.12%
26  PAPER AND ALLIED PRODUCTS 3 0.79%
28  CHEMICALS AND ALLIED PRODUCTS 11 2.91%
30 RUBBER & MISC. PLASTICS PRODUCTS 1 0.26%
31 LEATHER AND LEATHER PRODUCTS 1 0.26%
32 STONE, CLAY, AND GLASS PRODUCTS 4 1.06%
33 PRIMARY METAL INDUSTRIES 22 5.82%
34  FABRICATED METAL PRODUCTS 15 3.97%
35 INDUSTRIAL MACHINERY & EQUIPMENT 31 8.20%
36 ELECTRONIC & OTHER ELECTRIC EQUIPMENT 63  16.67%
37 TRANSPORTATION EQUIPMENT 5 1.32%
38 INSTRUMENTS & RELATED PRODUCTS 23 6.08%
39  MISC. MANUFACTURING INDUSTRIES 3 0.79%
45  TRANSPORTATION BY AIR 2 0.53%
48 COMMUNICATIONS 7 1.85%
49  ELECTRIC, GAS & SANITARY SERVICES 4 1.06%
50 WHOLESALE TRADE-DURABLE GOODS 4 1.06%
51 WHOLESALE TRADE-NONDURABLE GOODS 1 0.26%
53 GENERAL MERCHANDISE STORES 19 5.03%
54  FOOD STORES 2 0.53%
56  APPAREL AND ACCESSORY STORES 23 6.08%
57  FURNITURE AND HOMEFURNISHINGS STORES 18 4.76%
59  MISCELLANEOUS RETAIL 31 8.20%
60 DEPOSITORY INSTITUTIONS 1 0.26%
61 NONDEPOSITORY INSTITUTIONS 1 0.26%
63 INSURANCE CARRIERS 2 0.53%
65 REAL ESTATE 4 1.06%
67 HOLDING & OTHER INVESTMENT OFFICES 4 1.06%
70 HOTELS AND OTHER LODGING PLACES 1 0.26%
73  BUSINESS SERVICES 24 6.35%
79  AMUSEMENT & RECREATION SERVICES 2 0.53%
83  SOCIAL SERVICES 1 0.26%
87 ENGINEERING & MANAGEMENT SERVICES 2 0.53%
Total 378 100.00%
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Table 2. (continued) Distributional Properties of the Main Sample

Panel C. Distribution of forecast type

# %
Point Estimate 76 20.1%
Range Estimate 302 79.9%
Total 378 100.0%

Panel D. Patterns of warning records

# of % of # of % of

Qi Quz Qw3 Qus forecasts forecasts firms  firms
Never Warn s? S S S 112 30% 72 40%
S S S WP 35 9% 13 7%
. . S S W S 31 8% 12 7%
Keep silent for 3 times S W E . >3 5% 9 £ot
w S S S 32 8% 13 %
Subtotal 121 32% 47 26%
S S wW W 22 6% 11 6%
S wW S W 13 3% 8 4%
Keep silent twice : W W S 13 3% ! 4%
w S S wW 15 4% 2 1%
w S W S 8 2% 3 2%
W w S S 16 4% 6 3%
Subtotal 87 23% 37 21%
S wW W w 15 4% 7 4%
. w S wW W 11 3% 5 3%

Keep silent once

w wW S wW 7 2% 3 2%
w w W S 7 2% 3 2%
Subtotal 40 11% 18 10%
Always Warn W W W W 18 5% 6 3%
Total 378 100% 180  100%

a S denotes “keep silent”.
b W denotes “warn”
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Table 2. (continued) Distributional Properties of the Main Sample

Panel E. Contingency table for warnings records and the % of bad earnings news in
the prior four consecutive quarters.

% of bad earnings news in the prior 4 consecutive quarters. Row

0% 25% 50% 75% 100% Total
Warn 11 14 20 61 160 266
Never Warn 3 3 11 37 58 112
Column Total 14 17 31 98 218 378

Ratio of Never 7 49, 214%  55.0%  60.7%  36.3%  42.1%

Warn/Warn

Panel F. Contingency table for warnings records
and the subsequent management forecast news

Good News Bad News Row Total

Warn 102 164 266
(104)? (162)

Never Warn 46 66 112
(44) (68)

%’:Im” 148 230 378

¥* for independence test” 0.25

& Expected values are in parentheses.
b2 test for independence with Hy: Warning behavior in the past is not related to the sign of current forecast news. The result
cannot reject the null hypothesis (p-value > 0.5)
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Table 3. Summary Statistics

This table provides descriptive statistics for variables in the main sample (N=378). Panel A provides mean comparison test and
Mann-Whitney rank-sum test for the continuous variables, and proportion difference test for the discrete variables between
warning and never warning firms. Panel B provides the Pearson (below the diagonal) and Spearman (above the diagonal)
correlation matrix. CAR_3d is the 3-day buy-and-hold size-adjusted returns from day -1 to day +1, where day O is the
management forecast issue date. RAF is the post management forecast median consensus analyst EPS forecast less the pre
management forecast median consensus analyst EPS forecast, divided by pre-release price, which is two days before the
management forecast. NW is an indicator variable that equals 1 if the firm has never warned about its prior four large earnings
surprises, and 0 otherwise. News is the management forecast news defined as the management forecast less the median consensus
analyst forecast prevailing on the day of the management forecast, deflated by the pre-release price, which is two days before the
management forecast. Good is an indicator variable that equals 1 if forecast News is non-negative, and 0 otherwise. Bad is an
indicator variable that equals 1 if forecast News is negative, and 0 otherwise. Loss is an indicator variable that equals 1 if the
management forecast is negative, and 0 otherwise. Horizon is the number of calendar days between the management forecast date
and the corresponding fiscal period end date. Type is an indicator variable that equals 1 if the management forecast is a point
estimate, and O otherwise. Size is the natural log of total assets (Compustat quarterly data item #44) at the end of the previous
fiscal period. BM is the ratio of the book value of equity (Compustat quarterly data #59) to the market value of equity (Compustat
quarterly data #14*Compustat quarterly data #61) at the end of the previous fiscal period. *, ** and *** indicate significance at
two-tailed probability levels of 10%, 5%, and 1%, respectively.

Panel A. Univariate analysis

Warn Never Warn Diff. P-value
Car_3d Mean -0.015 -0.014 0.000 0.975
Median 0.000 -0.013 0.013 0.701
RAF Mean -0.011 -0.004 -0.006 0.081 *
Median -0.001 0.000 -0.001 0.291
Good News Mean 0.006 0.013 -0.008 0.047 **
Median 0.002 0.004 -0.002 0.213
Bad News Mean -0.023 -0.016 -0.007 0.191
Median -0.008 -0.008 0.000 0.788
Horizon Mean -49.053 -57.955 8.903 0.021 **
Median -61.000 -64.000 3.000 0.075 *
Size Mean 6.549 6.013 0.535 0.002 ***
Median 6.203 5.615 0.588 0.001 ***
BM Mean 0.707 0.685 0.023 0.804
Median 0.550 0.500 0.050 0.191
Loss Percentage 0.406 0.464 -0.058 0.295
Type Percentage 0.222 0.152 0.070 0.121
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Table 3. (continued) Summary Statistics

Panel B. Correlation Matrix

Car_3d RAF News*Good News*Bad News*Good*NW  News*Bad*NW  Loss Horizon Type Size BM
Car_3d 0.5304*** 0.4794*** 0.5005*** 0.2376*** 0.2343*** -0.3163 *** -0.2177*%**  0.0648 0.0819 -0.0140
RAF 0.2430*** 0.7558*** 0.8415*** 0.3678*** 0.2701*** -0.2799 ***  -0.1415***  0.0691 0.0657 -0.1628***
News*Good 0.2415***  (0.1869*** 0.7522*** 0.5032*** 0.3163*** -0.1918*** -0.1678***  -0.0435 0.0153 -0.0521
News*Bad 0.2012***  0.9619*** 0.0888* 0.3834*** 0.3559*** -0.3671*** -0.1698***  0.0352 0.0529 -0.1665 ***
News*Good*NW  0.1551*** 0.1135** 0.8880*** 0.0505 0.1612*** -0.0950* -0.1638***  -0.0536 0.0122 -0.0269
News*Bad*NW 0.1816***  0.1715*** 0.0765 0.1911*** 0.0435 -0.1787*** -0.0434 0.0743 0.2183*** 0.0187
Loss -0.2816***  -0.2304***  -0.0922* -0.2444%** -0.0619 -0.2301*** 0.0721 -0.0958 *  -0.2240*** 0.0930*
Horizon -0.1686***  -0.1612***  -0.0980* -0.1607*** -0.1307** -0.0766 0.0586 0.0924* 0.1025** 0.1556
Type 0.0717 0.0317 0.0002 0.0123 -0.0325 0.0547 -0.0958* 0.1136** 0.0175 -0.1168**
Size 0.0488 -0.0443 -0.0459 -0.0528 -0.0328 0.1422%** -0.2039*** 0.0829 0.0026 0.0970*
BM 0.0086 -0.3573***  0.0249 -0.3837*** 0.0254 -0.1136** 0.1300** 0.0706 -0.0680 0.0303
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Table 4. Market Reaction and Analysts’ Forecast Revisions to Management Forecasts
Conditional on Earnings Warning Records

This table provides results from estimating equation (1) on the main sample (N=378). CAR_3d is the 3-day buy-and-hold size-
adjusted returns from day -1 to day +1, where day 0 is the management forecast issue date. RAF is the post management forecast
median consensus analyst EPS forecast less the pre management forecast median consensus analyst EPS forecast, divided by pre-
release price, which is two days before the management forecast. NW is an indicator variable that equals 1 if the firm has never
warned about its prior four large earnings surprises, and 0 otherwise. News is the management forecast news defined as the
management forecast less the median consensus analyst forecast prevailing on the day of the management forecast, deflated by
the pre-release price, which is two days before the management forecast. Good is an indicator variable that equals 1 if forecast
News is non-negative, and O otherwise. Bad is an indicator variable that equals 1 if forecast News is negative, and 0 otherwise.
Control variables include Loss, Horizon, Type, Size, and BM (Car_3d is also controlled if the dependent variable is RAF). They
are defined as follows. Loss is an indicator variable that equals 1 if the management forecast is negative, and 0 otherwise.
Horizon is the number of calendar days between the management forecast date and the corresponding fiscal period end date. Type
is an indicator variable that equals 1 if the management forecast is a point estimate, and O otherwise. Size is the natural log of
total assets (Compustat quarterly data item #44) at the end of the previous fiscal period. BM is the ratio of the book value of
equity (Compustat quarterly data #59) to the market value of equity (Compustat quarterly data #14*Compustat quarterly data
#61) at the end of the previous fiscal period. The reported t-statistics and F-statistics are adjusted for within cluster correlation by
firm. *, ** and *** indicate significance at two-tailed probability levels of 10%, 5%, and 1%, respectively.

Equation (1):

Quarterly Management Forecasts

Dependent Variable Car_3d RAF

Estimated Estimated

Coefficient  t/F statistic Coefficient t/F statistic
Constant g -0.049 -1.42 -0.002 -0.99
NW oy 0.003 0.22 0.002 1.83 *
News*Good ay 6.584 3.00 *** 1.194 8.02 ***
News*Bad o3 3.124 1.35 0.880 3.07 ***
News*Good*NW oy -4.169 -2.72  *** -0.556 277 ***
News*Bad*NW as -0.045 -0.06 -0.083 -0.65
News*Loss 0, -0.222 -0.25 0.411 174 *
News*Horizon 4, 0.008 1.02 0.001 1.46
News*Type O3 -2.446 -3.36  *** -0.009 -0.11
News*Size 84 0.016 0.06 -0.050 -1.97 *
News*BM ds -0.474 -3.54 F** 0.017 0.93
Loss O -0.040 -2.92  Fx* 0.002 2.61 ***
Horizon 67 -0.001 -2.42 ** 0.000 -0.31
Type dg 0.007 0.45 0.001 0.95
Size dg 0.003 0.82 0.000 0.19
BM d10 0.011 1.98 ** 0.000 0.17
Car3d_bh 811 0.011 240 **
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Table 4. (continued) Market Reaction and Analysts’ Forecast Revisions to Management

Forecasts Conditional on Earnings Warning Records

Quarterly Management Forecasts

Dependent Variable Car_3d RAF
Estimated Estimated
Coefficient  t/F statistic Coefficient t/F statistic
DRC for never
warning firm with
good news Opt+0ly 2.415 1.89 0.638 572 **
DRC for never
warning firm with bad
news agtos 3.079 1.95 0.797 6.02 **
Response diff. between
good/bad news,
ditional i
conditionatonwarning s 3.461 3.69 0.314 2.10
Response diff. between
good/bad news,
conditional on never (optay)-
warning (oztas) -0.664 0.32 -0.159 0.26
R? 26.73% 95.31%
Observations 378 378
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Table 5. Sign of Prior Earnings Surprises and Market Reaction and Analysts’ Revision to
Current Management Forecasts

This table provides results from estimating equation (2) on the main sample (N=378). CAR_3d is the 3-day buy-and-hold size-
adjusted returns from day -1 to day +1, where day 0 is the management forecast issue date. RAF is the post management forecast
median consensus analyst EPS forecast less the pre management forecast median consensus analyst EPS forecast, divided by pre-
release price, which is two days before the management forecast. NW is an indicator variable that equals 1 if the firm has never
warned about its prior four large earnings surprises, and 0 otherwise. News is the management forecast news defined as the
management forecast less the median consensus analyst forecast prevailing on the day of the management forecast, deflated by
the pre-release price, which is two days before the management forecast. Good is an indicator variable that equals 1 if forecast
News is non-negative, and O otherwise. Bad is an indicator variable that equals 1 if forecast News is negative, and 0 otherwise.
Neg is the percentage of negative earnings surprises in the prior four consecutive quarters (the number of negative earnings
surprises divided by 4). Control variables include Loss, Horizon, Type, Size, and BM (Car_3d is also controlled if the dependent
variable is RAF). They are defined as follows. Loss is an indicator variable that equals 1 if the management forecast is negative,
and 0 otherwise. Horizon is the number of calendar days between the management forecast date and the corresponding fiscal
period end date. Type is an indicator variable that equals 1 if the management forecast is a point estimate, and 0 otherwise. Size is
the natural log of total assets (Compustat quarterly data item #44) at the end of the previous fiscal period. BM is the ratio of the
book value of equity (Compustat quarterly data #59) to the market value of equity (Compustat quarterly data #14*Compustat
quarterly data #61) at the end of the previous fiscal period. The reported t-statistics and F-statistics are adjusted for within cluster
correlation by firm. *, ** and *** indicate significance at two-tailed probability levels of 10%, 5%, and 1%, respectively.

Equation (2):

Quarterly Management Forecasts

Dependent Variable Car_3d RAF

Estimated Estimated

Coefficient  t/F statistic Coefficient  t/F statistic
Constant Bo -0.046 -1.36 -0.002 -1.01
NW B1 0.000 -0.03 0.000 0.35
News*Good B2 6.850 3.16 *** 1.338 9.40 ***
News*Bad B3 3.503 1.53 1.074 3.78 ***
News*Good*NW Ba -5.513 -3.19 *** -1.123 -8.72 ***
News*Bad*NW Bs 0.168 0.08 1.006 4,01 ***
News*Good*NW*Neg Be 2.833 1.21 1.189 5.02 ***
News*Bad*NW*Neg B -0.393 -0.14 -1.441 -4.00 *x*
News*Loss M1 -0.421 -0.46 0.344 141
News*Horizon i 0.012 1.34 0.003 3.81 ***
News*Type U3 -2.545 -3.45  *x* -0.076 -1.13
News*Size W 0.018 0.07 -0.053 -2.26  ***
News*BM Us -0.503 -3.66 *** 0.001 0.10
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Table 5. (continued) Sign of Prior Earnings Surprises and Market Reaction and Analysts’
Revision to Current Management Forecasts

Quarterly Management Forecasts

Dependent Variable Car_3d RAF

Estimated Estimated

Coefficient  t/F statistic Coefficient  t/F statistic
Loss e -0.041 -2.03  FEx 0.002 2.01 **
Horizon i -0.001 -2.19  ** 0.000 0.81
Type g 0.006 0.41 0.002 1.25
Size Lo 0.003 0.85 0.000 0.81
BM 1o 0.010 1.78 0.000 0.40
Car3d_bh 11 0.009 214 **
DRC for never warning firm
with 4 consecutive prior
large negative earnings
surprise, which announces
good forecast news Bot+BatPs 4.170 3.10 * 1.404 31.96 ***
DRC for never warning firm
with 4 consecutive prior
large positive earnings
surprise, which announces
good forecast news BotBa 1.337 0.57 0.215 1.76
DRC for never warning firm
with 4 consecutive prior
large negative earnings
surprise, which announces
bad forecast news Bat+Pst+p, 3.278 2.09 0.639 350 *
DRC for never warning firm
with 4 consecutive prior
large positive earnings
surprise, which announces
bad forecast news B3+Ps 3.671 1.42 2.081 49.35 ***
R 27.07% 96.14%
Observations 378 378
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Table 6. Post Management Forecasts Returns and Analysts’ Subsequent Revisions before
the Earnings Announcement

This table provides results from estimating equation (3) on the sample for subsequent investigations (N=365 for market reaction
test and N=283 for analysts’ revisions test). CAR_LT is long-term size-adjusted buy-and-hold return, measured from the second
day after the management earnings forecast date until the first day after the corresponding earnings announcement date RAF_LT
is the analyst’s latest revision after the management earnings forecast, calculated as the last post management forecast consensus
median analyst EPS forecast before the corresponding earnings announcement date less the first median consensus analyst EPS
forecast after the management forecast, divided by price two days before the management forecast. NW is an indicator variable
that equals 1 if the firm has never warned about its prior four large earnings surprises, and 0 otherwise. News is the management
forecast news defined as the management forecast less the median consensus analyst forecast prevailing on the day of the
management forecast, deflated by the pre-release price, which is two days before the management forecast. Good is an indicator
variable that equals 1 if forecast News is non-negative, and O otherwise. Bad is an indicator variable that equals 1 if forecast
News is negative, and 0 otherwise. Size is the natural log of total assets (Compustat quarterly data item #44) at the end of the
previous fiscal period. BM is the ratio of the book value of equity (Compustat quarterly data #59) to the market value of equity
(Compustat quarterly data #14*Compustat quarterly data #61) at the end of the previous fiscal period. The reported t-statistics
and F-statistics are adjusted for within cluster correlation by firm. *, ** and *** indicate significance at two-tailed probability
levels of 10%, 5%, and 1%, respectively.

Equation (3):

Quarterly Management Forecasts

Dependent Variable CAR LT RAF LT
Estimated t/F Estimated t/F
Coefficient  statistic Coefficient  statistic
Constant Yo -0.138 -1.64 -0.001 -0.16
NW Y1 -0.016 -0.41 0.001 0.90
News*Good Y2 3.680 1.40 0.507 3.09 ***
News*Bad Y3 0.620 1.17 0.128 534 ***
News*Good*NW Ya -2.858 -0.92 0.139 0.70
News*Bad*NW s 0.679 0.73 -0.094 -1.18
Loss M 0.076 222 ** -0.001 -0.37
Horizon Ao -0.000 -0.52 0.000 1.48
Type A3 -0.014 -0.38 0.001 0.64
Size g 0.015 1.34 0.000 0.68
BM As 0.046 174 * 0.000 0.05
Coeff. for never warning
firm with good news Yo+ Ya 0.822 0.25 0.646 11.28 ***
Coeff. for never warning
firm with bad news Y3t Vs 1.299 2.40 0.034 0.17
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Table 6. (continued) Post Management Forecasts Returns and Analysts’ Subsequent

Revisions before the Earnings Announcement

Dependent Variable

Quarterly Management Forecasts

CAR LT

RAF LT

Estimated
Coefficient

t/F
statistic

Estimated
Coefficient

t/F
statistic

Difference in
underreaction between
good news and bad news
conditional on warning
Difference in
underreaction between
good news and bad news
conditional on never
warning

Average number of days
from management
forecasts to earnings
announcement

Rz
Observations

Y2- V3

(v2* va)-
(v3+ vs)

80.61

4.18%
365

0.379

0.612

33.47%
283

5.02

8.37

**

*k%k
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Table 7. Alternative Explanation

This table provides the comparison results of future ROAs between warning and never warning firms. The test starts from the
main sample (N=378) and uses all the observations, for which the ROA of a particular period can be calculated. All ROAs in the
table are calculated as the ratio of the income before extraordinary items (Compustat quarterly data #8) to the total assets
(Compustat quarterly data #44). ROA; ROA.; and ROA,, are the return on assets of the firm at the fiscal quarter end t that is
forecasted, one quarter after the fiscal quarter t, and two quarters after the fiscal quarter t, respectively. *, ** and *** indicate
significance at two-tailed probability levels of 10%, 5%, and 1%, respectively.

ROA Comparison between Warning and Never Warning Firms

Warn Never Warn Diff. P-value # of Obs.
ROA; -0.021 -0.021 0.000 0.980 375
ROAu1 -0.028 -0.019 -0.009 0.405 372
ROA» -0.015 -0.016 0.001 0.918 358
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